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Table 3: Statistics of the experiment sets.

The statistics of the filtered training set, dev.a, and dev.b are
shown in Table 3. The success parsing rate ranges from 98.7% to

99.3% by using Enju2.3.1. The averaged parsing time for each

English sentence ranges from 0.30 to 0.48 seconds.
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Sentence 4

Figure 1: Two cases of inputs and outputs of the task.

Figure 1 shows two cases of the inputs and outputs of the task. In the first case, the
input is a paragraph of two sentences, and the outputs are four logical parts, which
are grouped into two logical structures. In the second case, the input is a paragraph

consisting of four sentences, and the outputs are four logical parts, which are grouped

nto three logical structures..
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Table 4: Baseline model, comparison to existing systems
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Baseline model, comparison to existing systems

[Plank 2016]

Baseline model Both or baseline models are comparable to
prior work, while being simpler. The results are summarized
in W Our chunking baseline achieves an F 1 of 93.21
on CONLLC,compared to the F 1 of 93.88 of Suzuki and Isozaki
(2008), who use a CRF and gold POS tags.~
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